
International Conference On Emanations in Modern Technology and Engineering (ICEMTE-2017)                        ISSN: 2321-8169 

Volume: 5 Issue: 3                                                                                                                                                                     18 - 21 

__________________________________________________________________________________________________________________ 

18 

IJRITCC | March 2017, Available @ http://www.ijritcc.org (Conference Issue) 

_______________________________________________________________________________________ 

Identification of Unauthentic Records from Real World 

Entity Set: A Survey 

 
 

More Dipalee Aba Nitin N. Patil King, Bajie Zhu and Seng Tang 

Department of Computer Engineering Department of Computer Engineering Department of Intelligent Robotics 

R. C. Patel Institute of Technology R. C. Patel Institute of Technology University of Huaguoshan 

Shirpur, India. Shirpur, India. Huaguoshan, Jileshijie Province, China 

dipaleemore@gmail.com er_nitinpatil@rediffmail.com monkey.king@uhuaguoshan.edu.cn 
 

 
Abstract - Databases contain very large data sets, where various duplicate records are present. The duplicate records occur when data entries are 

stored in a uniform manner in the database, resolving the structural heterogeneity problem. Maximize the gain of the overall process within time 

availability by reporting most results much earlier than traditional approaches. Detection of duplicate records is difficult to find and it takes more 

execution time. The various techniques used to find to duplicate records in a database but there are some issues with these techniques. To 

address these Progressive algorithms has been proposed for that significantly increases the efficiency of finding duplicates if the execution time 

is limited and improves the quality of records.     
 

 Index Terms - Pay- as-you-go, PSNM, Blocking,  Data cleaning. 

__________________________________________________*****_________________________________________________ 
 

I.  INTRODUCTION 

  Databases are greatly important in many industries and 

according to financial problems; cost is truly high about system 

information. This system is focused on the accuracy of 

databases and quality databases. The databases are storing the 

quality of information. These qualities of information data sets 

are not simply available. The many industries and systems pay 

an extra cost. To create an error-free system with clean data, 

this clean data is available in the unlike databases. Different 

databases are linked together, for linked data used different 

terms relational terms, joining tables with their key fields. 

Furthermore, the data are not clean and carefully controlled; 

moreover, the consistency is not defining in an unusual data 

source. Thus databases having different problems like as some 

data sets absent the information of the constraint's information 

and some data contains are insufficient information. For 

example, teacher instead of teacher and another example is 

Student_Age=256. So above both examples not understand 

what exact information in the data is. These types of data are 

managing the database's management. This database 

management is not only managing the data but also managed 

the Structures, Semantics about data differing as well. 

Entity Resolution(ER) process is used for the comparisons 

but nowadays this process is very costly. For example, there 

are many more data are available online in some websites. 

That all data contains with some people's profile of the social 

websites present number of records more than hundreds. So, 

we need to recheck that millions of records. Recheck of every 

record we need to compare every single people profile. Entity 

Resolution required very fewer amounts of time for analysis. In 

the duplicate detection process, it can be satisfied two main 

conditions. The first is that improved early quality and second 

is same eventual quality [1, 2]. 

The duplicate detection process finds out the duplicates in 

a pairing form by using progressive duplicate detection. The 

duplicate detection process requires many more times to 

execute the whole process. By using progressive approaches 

try to find the reducing average time of processing. The 

progressively sorted neighborhood method id works on an only 

clean data set to find out duplicate records and progressive 

blocking get the large and dirty data set and find out to 

duplicate records [6].    

A. System Architecture  

 

Duplicate detection process shown in the Figure 1 i.e. 

System Architecture, In initial step first get the data and load 

that data into the system and this loaded data is distributed to 

create various partitions and blocks. For an increase, the 

efficiency performs clustering and classification on the 

partitioned data and the blocking data. In the next step use 

blocking for find out the duplicates in blocks by using pair-

wise matching concept and from the new data set [11].  

 

 
Figure 1: System Architecture [11] 

 

Then that data set is updated data set the new data set which 

filtrates data set, it gives from the all filtration process. If 

efficiency is increased, but the condition is that the time slot is 

fixed in progressive detection algorithm. There are different 

parameters are used in this system architecture such as window 

sizes, sorting keys, block sizes, etc. These all parameters used 

for the Progressive Sorted Neighborhood Method and 
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Progressive Blocking, both methods have dynamically 

adjusted the parameters.  

 

1. Workflow of System Architecture: 

 

There are three stages in this workflow, which are as follows: 

 Data Read: Pair selection 

 Pairwise comparison: Pairing and Comparison. 

 Bucketization: Hashing, Creating column and rows of 

the matrix. 

As a preview of the literature survey discussed the 

different methods and the duplicate detection process. 

Progressive Sorted Neighborhood Method and Progressive 

Blocking these two methods find out the duplicate data. PSNM 

finds the duplicates from the small data set and the PB 

methods find out the duplications from the large data set. The 

Entity Resolution and Progressive techniques are the focus on 

reduces the time complexity and improved the efficiency [3].    

 

II. LITERATURE SURVEY 

D. Marmaros et al. have discussed on the Pay-As-You-Go 

Entity Resolution. Identifying the entity resolution problem it 

can use same entity of data set. It needs different applications 

for the study of resolving the big data sets efficiently but does 

not need to ER result to be equal. For example, a real-time 

application possible or impossible for the processing entity 

resolution to permit the large time is required. The author D. 

Marmaros searched on the finite pack of work using large 

progressive of Entity Resolution as "hints". It gives the 

information about same real-world entity set. A hint is 

available in the many different formats and guideline of an ER 

for find out the records; first, it can be compared. A hint has 

efficiently introduced the structure of hints and the methods 

are used for the huge number of identical records identified 

using a limited amount of work. The author Marmaros show 

without using hints they make possibility gains to pay as you 

goes to approach. It compares to the latest entity resolution by 

using real data sets. The very large data set and calculating the 

exact records comparison the entity resolution process is very 

expensive. The proposed a pay-as-you-go to approach for 

Entity Resolution (ER) were given a limit in resources (e.g., 

work, runtime) we attempt to make the maximum progress 

towards possible [1].  

J. Madhavan et al. have suggested the Web-scale data 

integration: You can only afford to pay as you go. In the World 

Wide Web is witnessing an increase in the amount of 

structured content vast heterogeneous collections of structured 

data are on the rise due to the Deep Web, Annotation schemes 

like Flickr and sites like Google Base. While this phenomenon 

is creating an opportunity for structured data management, 

dealing with heterogeneity on the web-scale presents many 

new challenges. In this paper, we highlight these challenges in 

two scenarios the Deep Web and Google Base. We contend 

that traditional data integration techniques are no longer valid 

in the face of such heterogeneity and scale. The author 

Madhavan said new data integration architecture, PAYGO, 

which is inspired by the concept of data spaces and emphasizes 

pay-as-you-go to data management as means for achieving 

web-scale data integration [2].  

Ahmed K. Elmagarmid et al. have discussed on the 

Duplicate Record Detection: A Survey. Duplicate detection 

processes create an error-free system with accurate data. This 

type of data is containing linking in relations terms and joining 

two or more tables for their key fields. Sometimes we have 

large data set to searching duplicates data so that time we need 

to find out clean and error-free data which data are quickly 

available. For example, some data set are containing 

insufficient information. That's why some errors occur. In a 

data cleaning method, we identify error-free data set by using 

two types of heterogeneity. The fist is structural heterogeneity 

and second is that lexical heterogeneity. In structural 

heterogeneity contains different data sets in that data sets 

consist of a number of fields. Fields are about customer's data 

they are named, address, street, city, state, pin code, etc. it's 

very understandable and easy to find out clean data to set, but 

it required more time. So in the second method, lexical 

heterogeneity containing the data in different topples has 

identically structured fields across databases. In a method, 

lexical heterogeneity data set is very complicated, but they 

give very clean data. Both types are merged then they give 

more clean data [3].  

Felix Naumann et al. have suggested Adaptive Windows 

for Duplicate Detection. The big challenge is in identifying the 

unauthentic are from a large amount of data set. Identify 

unauthentic data from large data set first focus on resources. 

First for the limited data, they are only comparisons between 

that data and they easily find out clean and unauthentic data. 

Many more complications to occur such as time complexity 

and some duplicate's data are not finding out properly or 

missing some duplicates data from some real-world entity set. 

There are two another approaches are used to minimizing the 

searching space. These two approaches are windowing and 

blocking. First, it can apply windowing in a windowing method 

it also called as a grouped neighborhood method (SNM). SNM 

method, first of all, only select pair and then the comparison 

between that selected pairs. In sorted neighborhood, method 

data size is fixed it is dynamic. Once windowing is finished 

then blocking method is starts. In blocking, blocking gets some 

key from windowing if those compare already. In one blocking 

a number of keys, so in a blocking, there are the numbers of 

key comparisons. It finds outs remaining duplicates missing in 

an SNM. Windowing and blocking are work in serially [4].   

M. A. Hernandez et al. have presents the Real-world data 

is dirty: Data Cleansing and the merge/purge problem. The 

basic emerging problem solve by using Sorted neighbourhood 

method.  There is the collection of two or more data sets; first, 

we combined those data sets in one created list of N records. 

Then apply on that records sorted neighbourhood method. For 

solving merges problem SNM used the three different methods. 

The first method is creating keys, second is sort of data and 

third is merging. In creating keys calculate a key for every 

record in a list out by taking the related field. Effect of sorted 

neighbourhood method is depending on the aim of error-free 

data having carefully matched key. The second method is that 

http://www.ijritcc.org/


International Conference On Emanations in Modern Technology and Engineering (ICEMTE-2017)                        ISSN: 2321-8169 

Volume: 5 Issue: 3                                                                                                                                                                     18 - 21 

__________________________________________________________________________________________________________________ 

20 

IJRITCC | March 2017, Available @ http://www.ijritcc.org (Conference Issue) 

_______________________________________________________________________________________ 

sorted data is depending on the created key data to sort the 

data. The third merge data in merging used windowing in 

windowing size is fixed. They find same records if the 

windows size is “w” they compare with all previous “w-1” 

records [5].     

Uwe Draisbash et al. have developed A Generalization of 

Blocking and Windowing Algorithms for Duplicate Detection. 

Duplicate detection is the process of finding multiple records 

in a data set that represents the same real-world entity. But in 

this process some error in a data set or missing some 

duplication. It can perform only pair comparisons, not for large 

data set. In window and blocking the authors performed 

traditionally, but they do not give us clean data and more time 

is required. That's why the authors proceed to the 

generalization of blocking and windowing. In generalization 

window and blocking they are sorted block from different data 

sets and comparison between that sorted block. In this method 

is challenging for effectively and efficiently find out 

duplications [6].  

Peter Christen et al. has developed A Survey of Indexing 

Techniques for Scalable Record Linkage and reduplication. 

Record Linkage is the method of find out same real-world 

entity data set, but this process is applying on single data sets. 

Some data sets are having incomplete information that's why 

they do not understand the whole information. They ignore 

these types of data set so we can find out that data sets and also 

updates a large amount of data set. In a recent year list of 

techniques are implemented for record linkage and 

Deduplication. This method focusing on the number of record 

pairs is compared with matching parts reduces the non 

matching parts and also improves the quality of quality of 

record [7].  

Su Y et al. have presented Adaptive Sorted Neighborhood 

Methods for Efficient Record Linkage. The previously used 

different algorithms played the important role for the 

Maintaining digital libraries maintain a digital library about the 

maintaining all information about authors in details. The 

authors analyzed in the concept dynamically adjust the 

parameters for records linkage in a runtime. They are 

dynamically added key thing's variations in a sorted 

neighborhood method that is in windowing and blocking. 

Some methods are adjusted windows size in dynamically for 

that used the adaptive method. Increase the size key off for the 

windowing and blocking also changes in keys of parameters 

and its data sets. Which are very helpful in searching, 

comparing and automatically adjust the parameters [8]. 

Manolis Wallace et al. have discussed Computationally 

Efficient Incremental Transitive Closure of Sparse Fuzzy 

Binary Relations. The authors developed transitive closure for 

graphical representation and focus on the undirected graph for 

unweighted keys. They also represent in this method 

incremental update from transitive binary relations. Binary 

relations perform logarithmic field's row, column or an 

element. It can be performed transitive closure method analysis 

on the basis of worst case and average case by using transitive 

closure method using fuzzy binary relation. They increase 

efficiency of the algorithm [9].  

A. Thor et al. have discussed the entity resolution; entity 

resolution is also called for a theory of duplication. The theory 

of duplication is used for analyses the same object from the 

real-world entity set. The theory of duplication is a very 

powerful concept of the data integration and as well it related 

to most important about the data quality. The Thor discussed 

the map reduce a concept, in a map reduce the concept 

especially works for the sorted-neighborhood blocking this 

help to execute the map reduce the concept. To study of 

blocking and parallel processing need to a huge amount of data 

sets. In a map reduce the concept the Thor discussed only 

show the demo about how can apply map reduce concept using 

the big data sets on blocking method. Map reduces also said 

the identifying the main challenges and solve these challenges 

by using parallel processing. And map reduces also evaluate 

the efficiency and size of windowing [10].  

Ashwini V. Lake et al. has discussed the system 

architecture. This system architecture shows the process of the 

duplicate of data detection using progressive mechanism. For 

the duplicate detection required, all pairs are comparing to 

each other. Progressive duplicate detection introduced the two 

methods first is progressively sorted neighborhood method, 

which is work on the creates clean data set but data set is a 

small and second method is progressive blocking, which is 

work on the unclean data set and for the searching on the big 

data set is required. The author Ashwini also discusses the 

features of the problems which are created in the duplicate 

detection. There are two main features of the problem of the 

duplicate detection process are, first is that some data sets are 

containing the many more mistakes such as misspelling, 

missing values, changed addresses, etc. this type of mistakes is 

made many difficulties in the duplicate detection data set. The 

second feature is that comparing all pairs of duplicate 

detection is very costly [11].  

O. Hassanzadeh et al. has discussed the Framework for 

evaluating clustering algorithms in duplicate detection. The 

large data set having many duplicates records are presents so 

that large data need to clean the large data to maintain its 

quality. By using same real-world entity set to find out the 

duplication in the large data sets this process of identifying 

duplicates this method having different names like as entity 

resolution also known as duplication detection or record 

linkage. The author Hassanzadeh presents the Sequence system 

that provides an evaluation framework for understanding the 

way to present the goal of the truly scalable and general-

purpose duplication detection process. Use Sequence system to 

evaluate the quality of the clusters (groups of potential 

duplicates). This clustering help to find out the optimal 

solution in clustering with accurate joins techniques, for 

duplicate detection perform extremely well in terms of both 

accuracy and scalability [12]. 

W. Wang et al. has described Top-k set-similarity joins 

The Similarly join is very useful primitive to highlights the 

many applications, for example, Web page detection, data 

integration and pattern recognition. In previous work on 
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similarity, join is focused on the user specifying the similarity 

between thresholds that's why the author W. Wang studies 

various different similarities join. In terms of top-k., the top-k 

is set of similarity joins; the top-k pairs have returned the result 

as ranking by their similarities and also eliminating unknown 

and data and repeated. Existing approaches for the traditional 

similarity join with a given threshold will have to make 

guesses on the similarity threshold and incur much redundant 

calculation. The author Wang said an efficient algorithm that 

computes the answers in a progressive manner [13]. 

 

CONCLUSIONS AND FUTURE WORK 

Discrete duplicate detection approaches are studied. The 

existing techniques which have algorithms to detect duplicity 

in records improve the competence in finding out the 

duplicates and improve the efficiency, but the execution time 

requirement for the execution is more. The process gain within 

the available time is maximized by reporting most of the 

results. The progressively sorted neighborhood method and 

progressive blocking, both algorithms improved the efficiency 

of duplicate detection. 

In future work, it is expected to improve the existing 

system and its performance. Also to combine the progressive 

sorted neighborhood method and progressive blocking 

methods. 
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